Mendo: An Al Symptom-Based Medicine Recommender for an
Over-The-Counter Drug Dispenser

Wincyr Jan P. Dela Calzada
University of the Immaculate Conception
Davao City, Philippines
wdelacalzada_200000000970@uic.edu.ph

Clyde Chester Balaman
University of the Immaculate Conception
Davao City, Philippines
cbalaman@uic.edu.ph

ABSTRACT

In the era of healthcare digitization, the integration of cutting-edge
technologies presents an opportunity to elevate medical services
and improve patient well-being. This study focuses on a compre-
hensive solution—the Al-powered over-the-counter (OTC) drug
dispensing system—designed to enhance accessibility to affordable
and essential medications in local pharmacies. The system includes
an intuitive user interface, multifunctional features, and a machine
dispensing mechanism, all empowered by advanced Al algorithms.
This innovative approach tailors precise medication recommenda-
tions and dispenses pre-packaged doses. Continuously evolving
and adaptable to changing user needs, this system has been rigor-
ously evaluated for accuracy, showcasing its efficacy in medication
decisions. Positioned to enhance healthcare outcomes and address
disparities in access, the Al-enabled OTC drug dispenser signifies a
new era of efficiency, personalization, and technological empower-
ment within community pharmacies.
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1 INTRODUCTION

In recent years, the healthcare sector has embraced technological
advancements to enhance patient care [16]. However, traditional
pharmacy stores continue to face challenges in ensuring patient
safety and healthcare efficiency [2]. Medication errors, often caused
by illegible prescriptions and communication breakdowns, remain
a global concern [15]. In Davao City, Philippines, these challenges
persist, affecting medication management and patient safety [16].
The limited accessibility of pharmacy services outside regular hours
raises concerns about potential delays in accessing vital medica-
tions, particularly over-the-counter (OTC) drugs, leading to incon-
venience and health risks [15].

The rapid growth of the IT industry has introduced new infras-
tructures and devices, offering opportunities to improve healthcare
delivery [11]. Despite these innovations, drug dispensers, especially
for OTC medications, are not widely available in specific areas [3].
This research focuses on implementing a recommendation system
within an OTC drug dispenser to address existing gaps in healthcare
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technology [11, 14]. These gaps include the need for more acces-
sible OTC medication provision, the accuracy and completeness
of recommendation systems, ongoing maintenance and updates,
diversity in medication options, and legal constraints on machine
commercialization [1, 13, 14].

By reducing pharmacists’ time spent on customer interactions,
drug dispensers can enhance efficiency [4]. However, integrating
recommendation systems into healthcare, especially for OTC med-
ications, remains understudied [6]. This study aims to develop a
comprehensive dataset and train a model to recommend drugs
based on symptoms, illnesses, or health discomforts [7].

The objectives include gathering diverse patient data, training
an accurate recommendation model, developing a user-friendly
system, and evaluating system accuracy and usability.

(1) Gather dataset - Gather an extensive dataset with diverse
patient demographics, medical histories, and treatment out-
comes.

(2) Train a model for drug recommendation - Train a model
to accurately suggest medications based on user symptoms
or conditions.

(3) Develop system - Develop a user-friendly system integrat-
ing the trained drug recommendation model.

(4) Evaluate the system using Intrinsic Evaluation - Evalu-
ate the system’s accuracy, precision, recall, dispensing accu-
racy, machine usability, and turnaround time using Intrinsic
Evaluation.

Addressing the rising demand for pharmaceutical vending ma-
chines, the Anytime Medicine Vending Machine proposes 24/7
access to OTC drugs, especially in areas with limited medical store
access [13]. Its architecture, controlled by an advanced ARM proces-
sor, includes features like RFID client identification and GSM-based
stock management [13]. The machine complements automated
pharmacies by offering non-prescription items [8], showcasing ad-
vancements in pharmacy intelligence and predictive analysis [8].

In the Philippines, Al-enabled pharmaceutical vending machines
like OTC Express are emerging to enhance medication dispensing
and inventory management [5]. These systems, supported by gov-
ernment initiatives, promise improved patient outcomes, although
ethical and regulatory considerations are crucial [5].
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Figure 1: Conceptual Framework of Mendo Machine

Machine learning models are also employed in drug recommen-
dation systems, leveraging datasets like the UCI repository to em-
power informed decision-making [10]. The investigation assesses
content-based recommendation approaches, achieving a 90% accu-
racy rate in cloud-deployed models [10].

Advancements in administrative functions and patient manage-
ment are evident, with studies showcasing reduced error rates and
improved transparency in clinical scenarios [12]. Innovations in
localized product recommendation systems for vending machines,
as seen in Lin et al’s work, further enhancing customer experiences
and profitability [9].

2 METHODOLOGY

This section shows and discusses the procedures and methods used
in this study to identify the most important characteristics and
features of an Al-enabled recommender for an OTC drug dispenser.

2.1 Conceptual Framework

Figure 1 illustrates the comprehensive functionality of the Mendo
drug dispenser. The process begins with user interaction, providing
users with the choice to either directly purchase from the drug
dispenser or opt for the machine’s recommendation based on their
symptoms. The purchasing option empowers users to select the
over-the-counter drug they wish to acquire from the Mendo drug
dispenser. On the other hand, the AI assessment option allows
users to utilize the recommendation system within the Mendo
drug dispenser, which suggests medicines tailored to alleviate their
symptoms.

2.1.1 Data Collection. The data collection process entails sys-
tematically gathering pertinent information from diverse sources,
including pharmacists and database websites such as Kaggle. The
compiled data encompasses various criteria, including symptoms,
over-the-counter medicines, reviews, on/off label classification,
ease of use, effectiveness, and satisfaction. The researchers pre-
dominantly constructed their dataset through interviews with duly-
registered and licensed pharmacists, simultaneously supplementing
it by exploring existing datasets on Kaggle. Consequently, the re-
searchers identified an extant dataset that aligns with the specified
criteria and integrated the information obtained through interviews
into this existing dataset.

2.1.2  Data Pre-Processing. The researchers initiated data pre-
processing by cleaning and preparing the dataset for AI or Machine
Learning algorithms, removing inconsistencies, errors, and redun-
dant information. Methods employed included handling missing
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values using Pandas fillna() and dropna(), train-test splitting, and
summarizing the preprocessed data. For data transformation, fac-
torization, text normalization, tokenization, label encoding, and
TF-IDF vectorization were utilized to enhance usability and prepare
the dataset for analysis. In feature extraction, the researchers used
dimensionality reduction to eliminate irrelevant features from the
dataset not needed for model training, effectively modifying the
dataframe.

2.2 Training the Model

The study revolves around developing an Al-enabled OTC drug
dispensing machine, where users interact with the system through
a user interface by inputting their specific symptoms. SVM excels
in classifying suitable medicines for various health conditions by
leveraging labeled data and handling high-dimensional, non-linear
relationships effectively. K-Nearest Neighbors (KNN), a machine
learning algorithm classifying data points based on proximity, con-
tributes to accurate medication recommendations by considering
user input and aligning it with appropriate medications in the
training dataset. Together, SVM and KNN offer a comprehensive
approach, ensuring user safety and satisfaction in improving the
OTC drug dispenser’s recommendation capabilities.

2.3 System Development

The development of the Mendo Recommendation System involved
a streamlined approach to system architecture. The Front-End was
crafted using HTML and Tailwind Flowbite for CSS styling, ensur-
ing a visually appealing and user-friendly interface. Python Flask
served as the Back-End framework providing robust functional-
ity, it is also where the researchers integrated the AI Model. The
management system, catering to admin tasks such as monitoring
dispensed medicines, tracking remaining quantities, and editing
prices, was implemented using PHP and MySQL for efficient data
management. This cohesive integration of technologies ensures
a seamless and effective user experience for both customers and
administrators.

2.4 Evaluation

Intrinsic evaluation plays a pivotal role in assessing the trained
model and system, with a primary focus on accuracy, precision, and
recall for the Al model. Additionally, the evaluation extends to the
system’s dispensing accuracy, machine usability, and turnaround
time, providing a comprehensive analysis of both the model’s pre-
dictive capabilities and the operational efficiency of the dispensing
system.

3 PRELIMINARY RESULTS

In order to provide initial insights on the usability of ErrgoEngine,
the following objectives were established:

3.1 Machine Learning Model Results

In Table 1 machine learning model, the researchers opted for a "lin-
ear" kernel configuration. The test data portion constituted 20% of
the total, utilizing a random state parameter set at 47 for consistent
data splitting. These specific settings resulted in an accuracy and
recall rate of 40.79%, coupled with a precision rate of 34.20%. It’s
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Kernel Accuracy | Precision | Recall
Linear 40.79% 34.20% 40.79%
Sigmoid 40.79% 34.20% 40.79%
Gaussian 40.79% 34.20% 40.79%
Poly 40.79% 34.20% 40.79%

Table 1: SVM Kernel Results

noteworthy that the dataset predominantly consisted of prescrip-
tion (RX) drugs, with only a limited selection of over-the-counter
(OTC) medications available for analysis.

n_neighbors Accuracy | Precision | Recall
3 40.79% 30.04% 40.79%
5 31.58% 31.25% 31.58%
7 30.26% 34.24% 30.26%
10 30.26% 29.28% 30.26%

Table 2: kNN Kernel Results

In Table 2, it becomes clear that an escalation in the number of
neighbors (n_neighbors) aligns with improvements in accuracy, pre-
cision, and recall metrics for the k-Nearest Neighbors (KNN) model,
maintaining a constant random state of 47 and a test size of 0.2.
However, a considerable decline in these performance measures is
noted upon reaching 13 neighbors. Consequently, within the scope
of this machine learning model, an optimal count of n_neighbors
is determined to be 10, underscoring the importance of parameter
tuning in optimizing the model’s predictive performance.

3.2 System Results

Inputs Machine Learning
Model (SVM)

fever Paracetamol (Biogesic)

headache Ibuprofen (Medicol)

cough with phlegm Carbocisteine (Solmux)

cough without phlegm | Butamirate (Sinecod)

cold Phenylephrine  HCL
(Neozep)

Table 3: OTC Medicine Recommendation Results

Table 3, presenting the OTC Medicine Recommendation Results,
reflects the recommendation accuracy of the Mendo system in pro-
viding appropriate medication recommendations based on inputted
symptoms/conditions. The correlation between symptoms and rec-
ommended medicines—such as Paracetamol for fever, Ibuprofen
for headache, Carbocisteine for cough with phlegm, Butamirate
for cough without phlegm, and Phenylephrine HCL for cold—is
consistent with both the dataset and pharmacist validations. These
findings underscore the reliability of the recommendation system
in accurately identifying and addressing common health condi-
tions, enhancing its utility in providing accessible and effective
over-the-counter medication guidance.
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Figure 2: The whole process of interacting and ordering
medicine with Mendo

The Mendo Machine evaluation covered dispensing accuracy,
system usability, and turnaround time. Accuracy was ensured by
comparing checked-out and dispensed medicines. Mendo’s user-
friendly interface streamlines transactions, requiring upfront pay-
ment and updating the admin dashboard for inventory management.
Figure 2 shows the user’s interaction with Mendo from the Al rec-
ommender, confirming Paracetamol for fever, to the dispensing of
the actual medicine. Turnaround time analysis revealed efficient
processing, ranging from one minute and thirty seconds to two
minutes, highlighting Mendo’s ability to improve user experience
and prompt medication access in healthcare settings.

4 FURTHER WORKS

This section discusses the works to be included in this study.

4.1 Gathering More Data for the Dataset

For future work, gathering additional data, specifically focusing on
Over-the-Counter (OTC) drugs, is imperative as the current dataset
contains only 756 OTC data points, which may not be sufficient
for implementing deep learning models effectively. Increasing the
dataset size will enhance the model’s accuracy and robustness, en-
abling more comprehensive analysis and reliable recommendations
for OTC medications within the Mendo system.

4.2 Implementation of Deep Learning

After gathering sufficient data, the researchers intend to incorpo-
rate advanced deep learning techniques, focusing specifically on
Natural Language Processing (NLP) and Named Entity Recogni-
tion (NER), into the Al-enabled OTC drug dispensing machine.
This integration will enhance the AI's capabilities by enabling it
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to extract symptoms like "fever" and "cough” from user inputs for
accurate medication recommendations using NLP. Additionally,
NER will identify and extract symptom details, medication names,
current regimens, and allergies, ensuring personalized and precise
non-prescription medication recommendations while considering
potential drug interactions and allergic reactions, thus significantly
enhancing user safety and efficacy.

The researchers also aim to enhance the AI's capabilities by in-
tegrating Natural Language Processing (NLP) into the system not
just to detect input errors but to understand diverse languages in-
cluding Tagalog or Cebuano (Bisaya), as suggested by professional
pharmacists. This adaptation is crucial for ensuring seamless com-
munication and user interaction, particularly in culturally diverse
settings like the Philippines, where users may prefer to interact in
their native languages. Incorporating NLP will not only improve
the system’s accuracy but also contribute to a more inclusive and
user-friendly experience for all potential users.

REFERENCES

[1] 2016. REPUBLIC ACT NO. 10918 - AN ACT REGULATING AND MOD-
ERNIZING THE PRACTICE OF PHARMACY IN THE PHILIPPINES,
REPEALING FOR THE PURPOSE REPUBLIC ACT NUMBERED FIVE
THOUSAND NINE HUNDRED TWENTY-ONE (R.A. NO. 5921), OTHERWISE
KNOWN AS THE PHARMACY LAW - Supreme Court E-Library. (2016).
https://elibrary.judiciary.gov.ph/thebookshelf/showdocs/2/70354#:~:text=
a%20professional%20pharmacist.-,SEC.,duly%20licensed%20by%20the%20FDA

[2] Yasser K Alotaibi and Frank Federico. 2017. The impact of health information
technology on patient safety. Saudi medical journal 38, 12 (2017), 1173.

[3] Aries Buenaventura, Sunday Marc Joseph Padua, Lester Sarmiento, Engr Jose

Marie, B Dipay, and Ryan S Evangelista. 2022. Vendi Medic: A Geographic

Information System Based Non-Prescription Medicine Vending Machine. Journal

of Optoelectronics Laser 41, 8 (2022), 2022.

Chegg. 2022. Solved Big-Box Pharmacy operates out of the back of Big-

Box. https://www.chegg.com/homework-help/questions-and-answers/

big-box-pharmacy-operates-back-big-box-retailer- caters- customers- typical-

pharmacy-scripts--q101508621/

[5] Fred Dabu. 2021. Tech, plant-based products shown at NIH Conference. https:
//up.edu.ph/tech-plant-based-products-shown-at-nih-conference/

[6] Philstar Global. 2022. Government limits purchases of fever and flu meds as retail-
ers run out of stock. https://www.philstar.com/headlines/2022/01/11/2153203/
government-limits-purchases-fever-and-flu-meds-retailers-run-out-stock

[7] Aineena Hani, Yen Ocampo, Samaya Dharmaraj, and Eka Santhika. 2021. More Al
Being Deployed in the Philippine Healthcare Sector. https://opengovasia.com/
more-ai-being-deployed-in-the-philippine- healthcare-sector/

[8] John Van Horn and Saravana. 2022. Pharmaceutical vending machine blog:

Medicine Vending Machines.  https://www.idsvending.com/blog/category/

pharmaceutical-vending-machine/

Feng-Cheng Lin, Hsin-Wen Yu, Chih-Hao Hsu, and Tzu-Chun Weng. 2011. Rec-

ommendation system for localized products in vending machines. Expert systems

with applications 38, 8 (2011), 9129-9138.

[10] Utkarsh Mathur. 2022. A Content Based Recommender System for Medicine using

Machine Learning Algorithm. Ph.D. Dissertation. Dublin, National College of

Ireland.

Solomon Negash, Philip Musa, Doug Vogel, and Sundeep Sahay. 2018. Healthcare

information technology for development: improvements in people’s lives through

innovations in the uses of technologies. , 189-197 pages.

[12] Juan G Diaz Ochoa, Orsolya Csiszar, and Thomas Schimper. 2021. Medical rec-
ommender systems based on continuous-valued logic and multi-criteria decision
operators, using interpretable neural networks. BMC medical informatics and
decision making 21 (2021), 1-15.

[13] K N Raviraja, R Pavan, P Sanjay, D Srikanth, and T Ki-

ran Kumar. 2019. Anytime medicine vending machine.

https://zenodo.org/record/2667053?fbclid=IwAR3D09C04vKD-

-VLPmjYcIWAs2Q91trFPOOhmG_BQChQinhKAYq9G2QMQz8#.ZEaci3YRWUI

Benjamin Stark, Constanze Knahl, Mert Aydin, and Karim Elish. 2019. A literature

review on medicine recommender systems. International journal of advanced

computer science and applications 10, 8 (2019).

Rayhan A Tariq, Rishik Vashisht, Ankur Sinha, and Yevgeniya Scherbak. 2023.

Medication dispensing errors and prevention. https://www.ncbi.nlm.nih.gov/

books/NBK519065/

i~
flust

[9

=

(11

[14

[15

Dela Calzada et al.

[16] Harold Thimbleby. 2013. Technology and the future of healthcare. Journal of
public health research 2, 3 (2013), jphr-2013.


https://elibrary.judiciary.gov.ph/thebookshelf/showdocs/2/70354#:~:text=a%20professional%20pharmacist.-,SEC.,duly%20licensed%20by%20the%20FDA
https://elibrary.judiciary.gov.ph/thebookshelf/showdocs/2/70354#:~:text=a%20professional%20pharmacist.-,SEC.,duly%20licensed%20by%20the%20FDA
https://www.chegg.com/homework-help/questions-and-answers/big-box-pharmacy-operates-back-big-box-retailer-caters-customers-typical-pharmacy-scripts--q101508621/
https://www.chegg.com/homework-help/questions-and-answers/big-box-pharmacy-operates-back-big-box-retailer-caters-customers-typical-pharmacy-scripts--q101508621/
https://www.chegg.com/homework-help/questions-and-answers/big-box-pharmacy-operates-back-big-box-retailer-caters-customers-typical-pharmacy-scripts--q101508621/
https://up.edu.ph/tech-plant-based-products-shown-at-nih-conference/
https://up.edu.ph/tech-plant-based-products-shown-at-nih-conference/
https://www.philstar.com/headlines/2022/01/11/2153203/government-limits-purchases-fever-and-flu-meds-retailers-run-out-stock
https://www.philstar.com/headlines/2022/01/11/2153203/government-limits-purchases-fever-and-flu-meds-retailers-run-out-stock
https://opengovasia.com/more-ai-being-deployed-in-the-philippine-healthcare-sector/
https://opengovasia.com/more-ai-being-deployed-in-the-philippine-healthcare-sector/
https://www.idsvending.com/blog/category/pharmaceutical-vending-machine/
https://www.idsvending.com/blog/category/pharmaceutical-vending-machine/
https://zenodo.org/record/2667053?fbclid=IwAR3D09C04vKD--VLPmjYclWAs2Q91trFPO0hmG_BQChQinhKAYq9G2QMQz8#.ZEaoi3YRWUl
https://zenodo.org/record/2667053?fbclid=IwAR3D09C04vKD--VLPmjYclWAs2Q91trFPO0hmG_BQChQinhKAYq9G2QMQz8#.ZEaoi3YRWUl
https://www.ncbi.nlm.nih.gov/books/NBK519065/
https://www.ncbi.nlm.nih.gov/books/NBK519065/

	Abstract
	1 Introduction
	2 METHODOLOGY
	2.1 Conceptual Framework
	2.2 Training the Model
	2.3 System Development
	2.4 Evaluation

	3 Preliminary Results
	3.1 Machine Learning Model Results
	3.2 System Results

	4 Further Works
	4.1 Gathering More Data for the Dataset
	4.2 Implementation of Deep Learning

	References

